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Abstract: In this study, a method of estimating value-at-risk is proposed. This
method combines elements of extreme value theory (EVT), the APARCH model
(Ding et al. 1993) and the rolling window method. The research was conducted
using 20 stock market indexes worldwide during 2006-2019. Value-at-risk was
estimated via 12 competing models which were evaluated using 5 tests. The
back testing results indicate that the best model was the one which takes into
consideration the asymmetric character of financial data (APARCH with skewed
normal distribution), the Generalized Pareto Distribution for modeling the
tail of the financial returns distribution and the rolling window approach. The
methodologies discussed in this paper could provide a useful tool for both financial
entities and regulatory authorities.
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